Athletes' endorsement earnings receive significant attention in the trade/popular press, but the academic literature on this issue is sparse. Thus, the purpose of the study was to examine factors that drive variation in endorsement earnings. Resulting analyses indicated the Positive Q Score measure (likability) was worth about $750,000-$1 million for each unit of the scale, while the Negative Q Score measure was statistically insignificant. One unit increases in Exposure and Familiarity were worth roughly $600,000 and $200,000, respectively. These findings can be used by athletes, agents, and sponsors to determine estimates, or fair-market value, for endorsement deals.
Introduction
The use of celebrities as endorsers continues to be a popular marketing strategy, as it is estimated that 15-25% of all advertisements in the United States feature celebrities (Ding, Molchanov, & Stork, 2011; McGhee, 2012) . As such, approximately $1.6 billion is spent each year on athlete endorsements, with over 70% of that total going to only 100 athletes (Lawrence, 2013) . Though research is somewhat mixed (Ding et al., 2011) , it is generally accepted that endorsements, at worst, represent fair-value contracts (Fizel, McNeil, & Smaby, 2008) , and many times can have positive pay-offs in brand-level sales and significant increases in the firm's stock returns (Elberse & Verleun, 2012) . However, there is a dearth of research examining the value of an endorser independent of the brands for whom that individual is a spokesperson. As such, the purpose of this study was to investigate the drivers of superstar athletes' annual endorsement earnings (e.g. exposure to the public, familiarity, likability). Understanding the market for hiring athletes as product endorsers is important for those in advertising, as well as for the athletes and their management teams.
Celebrity-and athlete-specific factors (including expertise, type of sport played, and demographic characteristics) have received some attention in past research on endorsements (Arai, Ko, & Ross, 2014) . In terms of expertise or on-field success, Elberse and Verleun (2012) found that endorsers that win multiple championships typically provide the best return to their brands, but even those that do not capture championships can create significant value if they are considered 'top athletes'. This finding also follows some of the work using Ohanian's (1991) model of source credibility, where expertise (on-field performance) is generally considered to be the most salient of the three categories of source credibility (Spry, Pappu, & Cornwell, 2011) . In some cases, athletes that possess significant athletic skill, but also pro-social behaviors and desirable personal trait characteristics, have been labelled 'hero' athletes (Stevens, Lathrop, & Bradish, 2003) . Hero athletes are generally very well-known and well-liked, and can generate tremendous endorsement power (Choi & Rifon, 2012; Shuart, 2007) . As such, many firms are willing to pay a premium for hero endorsers (Elberse & Verleun, 2012) .
One area that has received less attention is the impact associated with the sport an athlete plays. It has been suggested that the sport in which an athlete participates can have an effect on consumer evaluations of the endorsement (Martin, 1996) , thereby affecting the value of endorsers from that sport. In more narrowly-focused studies involving between-sport differences, Sanchez and Sutton-Brady (2004) found that the image of the sport impacts endorsement fit and that there were differences between athletes participating in golf, soccer, and boxing. Additionally, Fizel et al. (2008) found that golf endorsements provided the only significant positive abnormal returns for the sponsoring company.
In terms of demographic characteristics, gender and age have received the most attention in the literature. However, past findings are mixed -some studies have found male celebrities to be more effective endorsers (Boyd & Shank, 2004) , others have found females to be more effective (Charbonneau & Garland, 2006) , and yet others have found no differences on gender (Ding et al., 2011) . Findings relative to age are also similarly mixed, as Ding et al. (2011) found a celebrity's age to not be a significant factor in a stock price event study, but Hsu and McDonald (2002) found younger endorsers to be more effective in a specific advertising campaign focused toward younger target markets.
Method

Data Description
The two main sources of data used in this study are the top fifty salaries and Table 2 contains a summary of the dependent and independent variables for the 337 observations constituting the intersection of the SI 50 and the Q Scores. The dependent variable, Earnings, is simply each athlete's measure of endorsement earnings for a given year. The independent variables are defined as follows:
Salary -The individual athlete's annual salary or earnings from their sport only.
Athletes -This is the number of athletes for a given "team" playing at any one time (e.g., 5 for basketball, 9 for baseball, 1 for tennis).
Total Games -The average annual number of contests played by the athlete. A boxer may be on television for 3 hours during a given year, while a tennis player may be on for 3 hours bi-weekly.
Exposure -This is a separate measure of visibility created by dividing Total Games by Athletes.
It is assumed that more games and fewer athletes in gameplay begets more camera coverage.
Total Familiar -The Q Score Company's measure of the familiarity of the athlete. The average is about 64, meaning that 64% of the people in the survey recognized the athlete.
Positive Q Score -This is the number of respondents who answered "One of my Favorites" divided by Total Familiar. A positive impact on endorsement earnings is expected.
Negative Q Score -This is the number of respondents who answered "Fair" or "Poor" divided by Total Familiar. It is expected that this will have a negative impact on endorsement earnings.
Number of Years
Professional -This is the tenure of the athlete (averages 9.8 years). It may account for an athlete's ability to build up a following over time or establish a personality.
Sex -This is an indicator variable with female = 1. Prior research has mixed findings on this so the a priori expectation is unknown.
Tennis, Baseball, Basketball, etc. - <<Insert Table 2 about here>>
Data Analysis
The research design echoes the value proposition of individual athlete endorsers, framed by explanatory factors including expertise, likability, familiarity, exposure, and demographic characteristics. The model examines revealed endorsement value, given that the data is only for actual endorsements that the athletes have contracted, and not all products they could endorse.
The initial analysis relies on ordinary least squares regression (OLS) and uses all of the available independent variables. Regression analysis helps separate out the incremental impact of each explanatory factor on annual endorsement earnings. Given that some of the athletes appear in multiple years of the data, cross-sectional time series analyses were conducted. As is the case with many time series, most of the variation is between athletes and not within athletes over time (Greene, 2010) . This is also true structurally, given that endorsement contracts are for multiple years with payments often being somewhat flat across years.
Results
The first model in Table 3 (Linear 1) uses fixed effects for each sport and does not include Athletes, Total Games, or Exposure. Eighty-six percent of the variation in endorsement earnings across the athletes is explained by this model. The key variables (Familiarity, Positive Q Score, and Negative Q Score) show that those athletes who are more familiar earn an additional ~$350,000 for each percentage point of increase in familiarity. Similarly, those with a positive Q Score earn over $500,000, all else equal, for each one percent increase in being selected "One of my Favorites." Interestingly, negative Q Scores did not have an impact on earnings. Linear 2 replaces the sport-specific indicators with structural characteristics of those sports: the number of athletes on the playing surface at a given time, the number of games/events during the season, and exposure (games divided by athletes). The exposure variable is highly significant, driving nearly $800,000 in additional endorsement earnings for each point increase.
Positive Q Score is also highly significant ($900,000 increase for each additional point).
Linear 3 accounts for the significant correlation between Positive Q Score and Negative Q Score by using the difference between the two (Difference in Q Score equals Positive Q Score minus Negative Q Score). The correlation between the two variables can cause the coefficients on those variables to be misleading. Thus, creating this single variable removes any correlation (due to the existence of only one variable) and allows for a robustness check of the results.
Estimating multiple models allows for a check on the robustness and stability of the results, and as shown, the effects of the key variables of interest are consistent across the models. Moreover, this new variable measures the gap between positive and negative responses about an athlete in the survey, allowing for a measure of relative likability to be tested. This new variable is highly statistically significant with a coefficient of about $500,000. The impact of the exposure variable is similar to that in Linear 2.
On average, an athlete appears in the data 3.3 times or years (minimum of one, maximum of nine). As shown in RE GLS 1 (random effects), most of the variation is explained by differences between athletes, not within the same athletes over time. The exposure variable is similar with a coefficient of about $600,000. Between 1 and Between 2 are between-group GLS analyses designed to control for Total Games and Athletes being correlated. However, the exposure variable is still worth around $500,000 for each unit increase in exposure.
Between 2 uses the Difference in Q Scores in place of Positive Q Score and Negative Q Score. The results are similar in that exposure and Difference in Q scores are associated with about $500,000 increases for one point changes in each variable. It is important to note that Sex contains only four observations that are not zero (male): Michelle Wie, Venus Williams, and Serena Williams (twice). Essentially, it is almost an indicator variable for tennis, but removing it from the analyses does not change the impacts of the other variables (other than for Tennis).
<<Insert Table 3 about here>>
Discussion
The purpose of this study was to investigate the impact of relevant predictors on superstar athletes' endorsement earnings. The model holds obvious practical implications, in that it could be used to determine a priori estimates (or future value) for endorsement deals, which could be beneficial for the companies that use athletes in advertising, as well as the athletes or sport agents who represent athletes' marketing interests. An athlete's relevant information can be inputted into the model, and the result can then be used to negotiate terms with interested brands.
Of the variables in the model, Exposure, Positive Q Score (or Difference in Q Score), Familiarity, and sport played had significant effects on endorsement earnings. Specifically, if an athlete can improve their familiarity or likability by as little as 1 Q-score point, the model would suggest that they could see an aggregate increase of $750,000 -$1 million (or 1.5-2%).
Additionally, the findings in this study illuminate which characteristics brands believe are important in an endorser, and provide insight into what the market is willing to pay for those characteristics. Therefore, advertisers could use the models to identify prospective endorsers that may be undervalued by the market, but still have the desired personality attributes for a particular campaign. For example, an NFL athlete that scores highly on likability and familiarity may come at a lower price than a similar scoring athlete from golf or tennis, but could still bring as much value to the advertising campaign.
Additionally, it seems reasonable to suggest that the likability and familiarity of an athlete to the public may be within some degree of control for advertisers. Is it possible that Michael Jordan's fame grew to stratospheric heights, in part, because of the power of Nike's advertising campaigns and the Air Jordan brand, making him more familiar/likable to broader consumer segments? Would Peyton Manning score as highly on likability if not for his roles in humorous national campaigns that have become ingrained in popular culture? This proposition could be an important question for future research.
The increased goodness-of-fit when using the sport-specific variables shows that there are other factors that are not captured by exposure, number of athletes, or number of games/events per season (perhaps helmets covering the athletes' faces or the brutality of the sport, e.g., boxing and football). For example, the NFL receives arguably the most mainstream media coverage in the United States, yet NFL had a negative relationship with earnings. Future research should focus on gaining a better understanding of these between-sport differences.
Consistent with past research, athletes who played golf and tennis generally received higher endorsement earnings over the period in the study, but some of this positive relationship was driven by outliers (like Tiger Woods). It has been postulated that athletes in individual sports generate stronger sponsor impressions via television, and given that golf and tennis typically attract higher-income individuals, it is possible that companies are willing to pay more to endorse athletes in these two sports to gain access to these desirable target markets.
The models also highlight factors that are not predicting endorsement earnings among this sample of athletes. Although the number of years as a professional was the only direct measure of an athlete's quality (and was not statistically significant), the high explained variance suggested that athletic prowess is not playing a significant role in driving endorsement deals at the top levels of the market. Kobe Bryant could be an appropriate example here -he earns less endorsement money than his "peers", despite being arguably the top player of his era, because his Q-scores are poor (likely stemming from his past legal issues). Thus, advertisers should be careful to not pay premiums for athletes solely because they demonstrate high levels of skill.
Additionally, the results of this study indicate that advertisers should consider long-term strategies that employ likable, up-and-coming athletes that have yet to attract national attention.
These athletes will undoubtedly be cheaper than top stars, and their familiarity could be improved over time through their integration in a well-crafted advertising campaign. One recent campaign that may have exploited several of these possible inefficiencies was Verizon's ad series involving backup NFL quarterback Luke McCown. Exact figures were unavailable, but it seems likely that McCown was being paid significantly less than what a more well-known quarterback would demand. However, this clever campaign has received a significant amount of national attention, especially on social media (Wagner, 2015) . Thus, this endorsement appears to have been effective in communicating a mundane product feature (backup cellular towers), and it seems reasonable to suggest that this campaign has also improved McCown's familiarity.
It is important to note that there were no direct metrics included to measure fit between brand and athlete. Although the important fit-related concepts of expertise (Ohanian, 1991) and athletic hero status (Stevens et al., 2003) would have been partially caught by the salary, familiarity, and positive Q-score variables, these three factors are clearly not equivalent. Given the high goodness-of-fit in the models presented here, perhaps fit is less important to companies when determining endorsement earnings/value than we might believe. Additionally, while the familiarity and the likability of the athlete are captured in the data, respondents' attachment to the athlete is not captured. To the extent attachment matters, the statistical analysis is not predicting a major effect, perhaps because it is already being caught in the Q Score information.
Finally, although more extensive than some of the studies in the literature, the current sample was limited to the individuals on Sports Illustrated's Fortunate 50, which only includes 102 athletes during the sample period (resulting in 337 athlete-years). Additionally, the endorsement earnings data from SI are estimates, and the method by which SI collects these data (relying heavily on sports marketing executives and agents) could lead to some inaccuracies.
However, it seems likely that any issues with the estimates (likely overestimation) would be consistent across the sample; thus, while some of the quantified findings could be somewhat inflated, the relationships between the variables should not differ. Future research should also expand outside of this list with a more global sample that also considers retired athletes. 
